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Analytics in Action:
Techniques, Trends, and Tools
May 22, 2025

General Disclaimer

Galasso Learning Solutions provides non-authoritative 
guidance on accounting, auditing, attestation, compilation, 

review, and tax standards. The information in this presentation 
should not be viewed as an official position of the AICPA, 

FASB, GASB, IRS or any other standard setters. 

Official positions of standard setters are determined through 
certain specific committee procedures, due process, and 

extensive deliberation. 

Application of accounting and auditing principles is the 
responsibility of an organization’s management and their 

independent public accountant.
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Learning Objectives

1. Define core components of 
effective data storytelling

2. Identify common pitfalls in financial 
data interpretation and 
visualization.

3. Recognize basic AI tools or 
visualization platforms to explore 
and present financial datasets.
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Agenda

Components of Data Storytelling
• Data
• Narrative
• Visuals

Use of Artificial Intelligence
• Practical Uses
• Risks
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The $6,00      Toilet Seat
What Happened:
• In the 1980s, the U.S. Department of Defense was publicly mocked after reports 

claimed it had purchased toilet seats for $640–$6,000 each. The story became a 
punchline for government waste and inefficiency.

What ACTUALLY Happened:
• The “toilet seat” in question was actually a custom-fabricated plastic shroud 

designed to fit a specific military aircraft lavatory. The high cost reflected one-
off tooling and design, not mass-produced household fixtures. But procurement 
data labeled it as simply a "toilet seat"—without any explanation or context.

Data Storytelling Failures:
• Reports showed bare line items with no narrative or background
• R&D and fabrication costs were not clarified
• The lack of context allowed the public (and media) to create their own story: 

"The Pentagon spent $6,000 on a toilet seat!"

United Press International. (1986, February 12). Reagan gives bottom line on defense expense. UPI Archives. 
https://www.upi.com/Archives/1986/02/12/Reagan-gives-bottom-line-on-defense-expense/6770508568400/

Components of 
Data Storytelling
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Components of Data Storytelling

Data 
Storytelling

Data

Visuals

Narrative

Data
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Data Overview

•Definition
• The foundational information to be presented

Quick Tips
What the Storyteller 

Needs to Ask…Pillar
Perform a step back and ask, “who or 
what may not be represented in this 
data?”

Does the dataset cover the full time-
range and variables needed for the 
story?

Completeness

Verify to source systems and document 
assumptions & data lineage.

Does every field connect to the decision 
at hand?Relevance

Prioritize decision-critical metrics to 
avoid 

Are the numbers right and repeatable? 
How were they captured?Reliability & Accuracy

Use the lowest level that still protects 
privacy and clarifies patterns.

Is the level of detail appropriate 
(aggregated vs. transaction-level)?Precision

Completeness
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Common Completeness Pitfalls in Financial Analysis

• Issues: Trend lines become meaningless and ratios are skewedTime Periods

• Issues: Segment profitability is inaccurate and risk concentrations 
could be missed

Omitted Business Segments, 
Departments, or Regions

• Issues: Leverage and liquidity analyses could understate risks
Off-Balance Sheet or 

“Shadow” Transactions 
(Operating Leases, SPEs, Guarantees)

• Issues: Users can’t connect operational drivers to numbersMissing Non-Financial Context

• Issues: Risks errors in calculation and loss of context for usersInconsistent Units or References

Relevance
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Plausibility and Relationships

• A basic premise underlying the application of analytics 
is that plausible relationships among data may 
reasonably be expected to exist and continue in the 
absence of known conditions to the contrary 
• The reasons that make relationships plausible are an 

important consideration because data sometimes 
appears to be related when it is not, which may lead the 
auditor to erroneous conclusions

• The presence of an unexpected relationship may provide 
important evidence when appropriately scrutinized
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Financial Relationships

• If X drives Y, deviations should have a story…

Revenue Cost of 
Goods Sold Inventory Sales 

Forecast

Debt Interest 
Expense Capex Depreciation
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Accuracy & Reliability
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Reliability of Data Considerations

Source

Nature and Relevance

Validity

Comparability
How is the data comparable to the entity’s operations?

Does data reflect actual results, expected results, or aspirational targets?

External sources are more reliable due to reduced bias (e.g., third-party confirmations, bank statements, industry reports).
Where did the information come from? External or Internal? Use of IT?

Industry averages may not be comparable for a niche manufacturer and might require adjustments.

A company’s budget may be a goal rather than a realistic projection.

How have we validated the completeness and accuracy of the data?
The auditor may test controls over preparation or reference other substantive procedures to increase confidence in analytical procedures.
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Precision
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Precision Factors

• Analytics and expectations developed at a more detailed 
level, are more likely to identify patterns and causation 
• Monthly vs. Annual, Location or Line of Business vs. Company-Level

• Determination of the amount of difference from the 
expectation that can be accepted without further 
investigation is influenced by: 

Materiality Desired Level of Assurance
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Impact of Risk on Acceptable Difference

• Obtain more persuasive, disaggregate analytical evidence 
the higher the level of risk or desired level of assurance
• As the assessed risk increases, the amount of difference 

considered acceptable without further investigation decreases
in order to achieve the desired level of persuasive evidence

RISKLOW HIGHMODERATE RISK

Acceptable 
Difference Acceptable 

Difference
Acceptable 
Difference$$$ $$

$

Galasso Learning Solutions ©2025

Revenue decreased significantly so auditor expects COGS to 
decrease significantly but not as much as revenue because the 

Company had favorable product mix

Revenue for Product A decreased 6% but revenue for Product 
B increased 3% so auditor expects COGS for Product A to 

decrease 6% and COGS for Product B to increase 3%

What’s Wrong with the Expectation? 
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2% Increase

How Would This Impact Your Inquiries of Management and Risk Assessment?
PRACTICAL PRELIMINARY EXAMPLE

Narrative
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Narrative Overview

•Definition
• Translate insights from the data into a memorable, 

action driven story-line

Challenge

• Grab attention 
with the 
biggest 
questions, 
surprises, or 
stakes

Observation

• Identify the 
cause, the 
impact, and 
use data to 
show why the 
challenge 
occurred

Result

• Build tension 
by showing 
what will 
happen if the 
challenge 
remains 
unaddressed

Engagement

• Provide a 
data-backed 
solution 
combined 
with a call to 
action tied to 
an owner and 
timeline
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What is the Purpose?

Descriptive
• What 

Happened?

Diagnostic
• Why Did This 

Happen?

Predictive
• What Will 

Happen?

Prescriptive
• What Should 

Happen?

INFORMATION OPTIMIZATION
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Case Study – Solvency Sliced

• Background:
• Solvency Sliced was launched in early 2011 by three accountants who 

bonded over late-night pizza during month-end close. They built the 
brand around hyper-reliable delivery and a data-driven “Pizza Club” 
loyalty program, a combination that kept sales growing even through 
the COVID-19 lockdowns. As dining rooms reopened, management 
pivoted to a dual-format model—carry-out/delivery hubs downtown 
and full dine-in restaurants in high-traffic suburbs—financed primarily 
with SBA-backed term notes and a modest revolving line of credit.

• You are the Controller for Solvency Sliced and have an upcoming 
meeting with Tom Atosauce, the CEO, and Ann Chovy, the CFO, to 
discuss Q2 Results.

Case Study – What typically happens…
∆Q2 20X2Q2 20X1What It 

MeasuresMetric

+1.6%$21.1M$20.8MDollar sales across 
all stores and 

channels

Total revenue

“The variance column shows a positive change of $0.3 million, so—uh—
overall we’re up.”

“Total revenue for Q2 increased 1.6 percent compared with the prior-
year quarter. Next slide…”

“From a top-line perspective, the change is favorable; therefore, no 
discussion is required.”

“As you can see, Q2 twenty-X-two was twenty-one-point-one million 
dollars, which is higher than twenty-point-eight million dollars last year.”
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Case Study – Challenge (What Happened?)

Take-away∆Q2 20X2Q2 20X1What It 
MeasuresMetric

Top line limited 
growth

+1.6%$21.1M$20.8MDollar sales across all 
stores and channels

Total revenue

Foot traffic 
decreasing

-1.7%1.18M1.20MNumber of transactions 
company-wide

Total orders

Price/upsell 
increase

+7.4%$18.90$17.60Average revenue per 
order

Average ticket

Higher exposure to 
10% 

delivery fees

+6.0%41%35%% of orders fulfilled via 
delivery

Delivery mix

Sentiment softening-.064.04.6Avg. post-purchase 
rating (1–5)

Customer-sat score

Pick the one metric (or paired set) you would lead with for your Q2 Update and justify why.

“Our top line grew 1.6 percent, but the engine behind it shifted from foot-traffic to delivery vans.”

“Think of Q2 as a warning light: revenue flat-lines next quarter if we don’t reignite in-store traffic.”

“Our top line ticked upward,, but the increase came from DoorDash wheels, not dine-in meals…”

What should be our opening focus for the Q2 review?

Case Study – Observation (Why Did This Happen?) 

Data Needed to VerifyExplanationHypothesized Driver
• Multi-year delivery vs. in-store orders

• Identify third-Party or internal promotions or 
discount volume

Post-pandemic prior dine-in 
guests stayed home due to 
convenience

Consumer Habit Stickiness

• Disaggregate customer satisfaction scores 
between in-store and delivery

• Refunds/complaint ratio by store

The quality of experience has 
declined at one or more of our 
locations

Customer Experience 
Friction In-Store

• Locational sales data since the opening date 
of the new competitors

• Identify competitor promotional scraping 
and determine how that factors into in 
pricing comparisons

Several new casual dining 
competitors opened within a 
three-mile radius

Competitive Clash

What might be driving the shift from dine-in to delivery, and what data would you collect 
and review to confirm?

What should be our opening focus for the Q2 review?
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Case Study – Result (What Will Happen?) 

Which presentation option below would you prefer?

Option A – Data Table Option B – Data Graph

Projecting a stress-tested range of profit outcomes as delivery takes a bigger bite out of the pie.

• A combination of dine-in 
exclusive promotions (14K), geo-
targeted ads (10K), and local 
competitive pricing matches (10K) 
is estimated to increase dine-in 
order volume by 34K.

• Customer satisfaction declined 
from 4.6 to 4.0, with the drop 
concentrated at 10 locations. 
Targeted training, staffing 
adjustments, and service 
improvements are projected to 
recover 72K repeat customers.

• Negotiated fee reductions from 
25% to 15% commissions to 
external delivery services

• Estimated NI Impact: $110K

• Add a 10% delivery charge to 
external deliver services

• Estimated NI Impact: $70K

Case Study – Engagement (What Should Happen?) 
How should we offset the potential $200K-$400K impact to Net Income caused by delivery mix?  

Which options would you recommend?

Action #1 Action #2 Action #3
Negotiate Lower Delivery Fees +

Add Delivery Fee Improve In-Store Experience Dine-In Promotions and 
Advertising Push

Estimated Net Income Impact: 
$180K

Estimated Net Income Impact: 
$600K

Estimated Net Income Impact: 
$400K

How would you improve the presentation and delivery?
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PWC/Deloitte/BYU Study

•Auditors rated analytics that confirmed the account 
balance was correct as a better test than the 
virtually identical analytic that indicated the 
account balance was incorrect
• Confirmation bias

https://mgt.ncsu.edu/pdfs/faculty/acc-wkshp-prawitt.pdf

Visuals
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Visuals Overview

• Definition
• Any pictures, graphs, charts, or other visual medium that provides audience 

the ability to SEE the challenge, observation, result, or impact of engagement
Tableau Example Power BI Example

DaTaxan. (2022, November 8). Financial Statement Analysis with Power BI [Image]. Microsoft Fabric Community. Retrieved from 
https://community.fabric.microsoft.com/t5/Data-Stories-Gallery/Financial-Statement-Analysis-with-Power-BI/m-p/2893719

Tableau. (n.d.). Finance Analytics Solutions [Image]. Retrieved from https://www.tableau.com/en-gb/solutions/finance-analytics#reveal-172310
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Project Management – Personalized 
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Project Management – Organizational 
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Project Management – Collaborative 
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Financial Analysis

Use of Artificial Intelligence
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Descriptive Data Mining
Trulli Chatbot
Trulli is Trullion’s AI-powered chatbot that helps users navigate 
contracts, accounting data, and audit trails by answering 
questions and surfacing relevant insights in real time.

Provide the Dataset

Summary of Analysis

Information Insight
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Prescriptive Analysis

Risk Scoring

Reasoning
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NotebookLM

What are the risks?
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Jagged Frontier Definition

“Some unexpected tasks (like idea generation) are easy for AIs, while other tasks that 
seem to be easy for machines to do (like basic math) are challenges for some LLMs. 

This creates a “Jagged Frontier,” where tasks that appear to be of similar difficulty 
may either be performed better or worse by humans using AI.”

Dell’Acqua, F., McFowland III, E., Mollick, E., Lifshitz-Assaf, H., Kellogg, K. C., Rajendran, S., Krayer, L., Candelon, F., & Lakhani, K. R. (2023). Navigating the jagged technological frontier: Field experimental evidence of the effects of 
AI on knowledge worker productivity and quality (Working Paper No. 24-013). Harvard Business School. Retrieved from https://www.hbs.edu/ris/Publication%20Files/24-013_d9b45b68-9e74-42d6-a1c6-c72fb70c7282.pdf
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Jagged Frontier Research

Subjects in the control group
were correct about this 
exercise about 84.5%

of the time, 
while the AI conditions
scored at 60% and 70% 

(for an average decrease of 19 percentage points 
when combining the AI treatment conditions and 

comparing them to the control condition)

Dell’Acqua, F., McFowland III, E., Mollick, E., Lifshitz-Assaf, H., Kellogg, K. C., Rajendran, S., Krayer, L., Candelon, F., & Lakhani, K. R. (2023). Navigating the jagged technological frontier: Field experimental evidence of the effects of AI 
on knowledge worker productivity and quality (Working Paper No. 24-013). Harvard Business School. Retrieved from https://www.hbs.edu/ris/Publication%20Files/24-013_d9b45b68-9e74-42d6-a1c6-c72fb70c7282.pdf
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Limitations of AI in Accounting

Limited Numerical Reasoning

4 Lack of Contextual Understanding and Judgment 

General language models are not specifically trained for auditing or accounting standards (e.g., GAAP or 
IFRS).

LM’s can process numbers, but are not adept at performing advanced mathematical or statistical operations.

LM’s rely on clear, well-structured inputs and cannot independently verify data accuracy.

LM’s cannot apply professional judgment or understand business contexts the way experienced auditors can.

3 Dependent on Standardized, High-Quality Inputs

2 Limited Numerical Reasoning

1 Lack of Accounting Standard-Specific Knowledge
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Strategies to Prevent Overreliance

Exploration and Continuous Learning

Oversight helps identify errors or unintended consequences, ensuring 
accountability and maintaining trust in the outcomes generated by AI.

Staying informed about the capabilities, limitations, and risks of AI fosters critical 
thinking and helps users better understand when and how to apply AI effectively.
(1) Attend technology trainings 
(2) Seek out vendor demos

(1)Have a CLEAR AI Usage Policy 
(2)DOCUMENT inputs and outputs

(3) Apply AI to a different task each week 
(4) Set up an AI Exploration Committee 

(3) Track AI Task Performance 
(4) Add a Layer of REVIEW

Evaluation and Oversight
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things I learned
___________________________________________
___________________________________________
___________________________________________

actions to apply what I learned
___________________________________________
___________________________________________

way I will share my learning
___________________________________________

galassolearningsolutions.com/subscribe

gls.advancecpe.com (webinar)

linkedin.com/company/galassolearning

moneymattersfornonprofits.com

gls.lcvista.com (on-demand)
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Peter@galassolearningsolutions.com
https://galassolearningsolutions.com

Peter Zender, CPA
Accounting & Auditing Training Facilitator

What Questions 
Do You Have?
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